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Why: Social Network Analysis
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Why? Investigating information flows and people relationships.
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Understanding how networks evolve over
lime.
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Why: Related Work

Most works focus on 1-level ego-net formed by ego and 1 degree alter:

These do

not capture the changes over time.

Idiom: Node-Link

Macro-overview (many ego’s)
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or Micro (1-ego + alters).

Why: Social Network Analysis

Need a new wa

/ to investigate correlations between topology of ego-nets and the
ego’s characteris

Structural Hole Theory: an individual may gain strategic advantages over others
when his or her alters are highly seperated and have a relatively low connection
densily

Romantic relationships between two people (ego’s) can be recognized based on
what extent that their mutual friends (alters) are well-connected.

Some Terms:

ength: Defined by the linear combination of lime, emotional intensity,
intimacy and reciprocity (i.c. mutuality).

Density: The proportion of direct ties in a network relative to the total number
possible.

Structural holes: The absence of ties between two parts of a network. Finding
and exploiting a structural hole can give an entreprencur a competitive
advantage.

Who?

Social network analysis has emerged as a key technique in modern sociology.

Also: anthropology, biology. ication studies,

history, information science, organizational studies, political science, social

psychology, studies, sociolinguistics

Now commonly available as a consumer tool.
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Other Tools:

EgoNet (below) Gephi(right)

What: Social Network Data
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Extract ego-network structure from raw dataset such as citation networks.

Filters and ¢ izes with features for measuring similarities.
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Mousing over the pie chart will link to the

alters on the view below (and make it
larger)

Encoding: Alter bar position is based on

the tie strength.
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15 students, 12 questions. Micro and Meso views only.

Bascline V
link).

: small multiples with Ego in the centre and alters around it (node-

Accuracy: egoSlider: 92.5%, baseline: 83.6%

Time: egoSlider: 16.76s, baseline: 19.555

Scale? Tested with up to 130 Alters. Would not work well with 500+
Slow? There was no loading spinner so I thought it was broken.
Visual overload with many ego’s.
Awkward UL

Big learning curve.

No Instructions.
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Overall T like it.

Questions?
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